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. Supervised Method
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. Evidential Reasoning
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for (i=0, i< Code Hoze.Capacity; i++)

for (j=0, j<TaxPaery.length; j++)

calculateMultiLevelBaysianFormules();
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for (i=0, i< Code Hoze.Capacity; i++)

Parallel.For (0, TaxPaery.length, j =>

{ ret=calculateMultiLevelBaysianFormules

(f1Arr[j], f2Arr[j], f3Arr[j], f4Arr[j]); }
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for (i=0, i< dgvTaxPayer.RowCount; i++)
for (j=0, j< ghatee_inf RowsCount; j++)

KernelComDo.Excute (QueryString);

for (int 1 = 0; i < dgvTaxPayer.RowCount; i++)
{ Int32 resultl=ghatee inf Rows.Where (p = p.Field <string>
(«K_Parvandy») == dgvMoadi.Rows[i].Cells[2]. Value).Count(); }
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